FRERFRAKXF20164%
[ERRFESRAFR 41

ZiESn= FRIB S
FIEEHAR

SRA: 98 Sif: BRF HEARR



CONTENTS

tRFRSR

AxRRE s5s
e ®—@
////// \\\\

A—gk e B4







P i

ETENMER, BRI A EETEREREFIR
%, BREREKBTREANATINEEE.

- ATHrREERISRENFERT
&, ZTRARS,
YELAKESREN.

- BIEEFIFTETM
KM ERVEEFZS
BRER.




P inzees

DR IRE R AR S R AR

EERESERAEPERFTN BRI

e RN A EEN TN EEYE

J




P iy

BEFY, MERARIRENAELHIES M MENH
"WEER | NMESEEFIERL.

= ERVEEP ISR ARRIE B RIE S SR 145,

MR R S R S, BIAKRER




P it S

HAREEETERTSENFINES: NFNEGRRAYL
BEXR, BGER, EEAETN. RS, ‘

{ Pebk—: 5D TIEEREE T ImageNetHIEETRHY,

(NRTMEARSREEHKAAE, BESKEERS.

HE = alEA—SIZEEREIRIREXE, SHEREX
RUBELAR, (FuRE SRR T/FHREEHTER.




P iz elES S

1. BT 80E 2. FIFEIERE Z (A
ENGEPSES

3. XAHNEM[ER 4. SIAERRER, ZL,
FRREES CIE/R =



e At T

SIRSER SCARZRIISAE



RUHT—MSESHET, FAEGSXAERNEN
XM, TSRS B R ERTRFEITTE.

e st RS SRS A,
BT, SOt AR RS,

EEMTHIES b, ERZaISEA
FIMGAT, DEETENSEISE,






P iz




P eiiE

WA T
(AlexNet)
2 » Eroen:
)=IL - \\\
”r *:R_L b O
RELS
3L | Aubbyaatislyi -~ i
tabby cat is laying on .~ N
2': a keyboard » I I » ?ﬁ_ﬂg%ﬁEfﬂélﬂj
(EE)

PN TS
(Fiui) || 2r55 5 FR)

o EBIE MAERRYE F - AR A el (FRik)



P i

HEETRIRL

Cat @av

From Wikipedia, the free encyclopedia

This article is about the species that is commonly kept as a pet. For the cat family, see Felldse. For other uses,
see Cat (dis iguation) and Cats i
For technical reasons, “Cat #1" redirects here. For the album, see Cat 1 (album).

The cat [Felis catus) is a domestic species of small
mammal 2 It is the only domesticated species in the family Felidae
and is often referred ta as the domestic cat to distinguish it from the
wild members of the family. 1"l A cat can either be & house cat, & farm
cat or a feral cat; tha latter ranges fresly and avoids human contact (51
Domestic cats are valued by humans for companionship and their
abllity to hunt pests such as rodents. About 80 cat breeds are
recognized by various cat registries.8]

The cat Is similar In anatomy to the ather felld specles: it has a strong
fexible body, quick reflexes, sharp testh and ratractable claws adapted

to Killing small prey. Its night vision and senss of smell are wall Various typss of the e cat Bobby is on|y super These two vultures were
‘Conservation status

coveloped. cat i":“g“"'“‘u‘;’“ "‘”r‘:f:j ‘j?::":":; e meawins. Domesticated obedient like this when part of a group of 6 sitting

puring, tiling, hissing, growling and grunting as wel as cat-specil : 5

body languags. It Is & soltary huntar but a socisl speciss. It can hear Sclentific classification & there's food on offer. on this roof waiting for

sounds toa faint ?r toe high in frequency for human ears, such as . Kingdom: Animalia cocker spaniel bobby dog their turn Wi(h a dead

thase made by mice and other small mammals. It is a predator that is Phylum: Chordata 2 %

most aciive at dawn and dusk.”! It secretes and perceives Class: Mammalla k-9 pet canon 5d squirrel on the road. bird

70-200mm 2.8 IS vulture
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softmax loss

MSE loss

BCE loss

triplet loss
contrastive loss
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ImageCLEF 100k 35k 1200+ T 100%
English-Wikipedia ~ 420M  170M 1200+ X 30%
Webvision-1.0 240M 240M 20+ ZiEFh 40%
InstaCities1M 100M 100M 20+ B Fh 100%
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LDA ImageCLEF 47.1
Word2Vec ImageCLEF 43.5
Doc2Vec ImageCLEF 42.6
LDA InstaCitieslM 36.5
Word2Vec InstaCities1M 40.2
Doc2Vec InstaCities1M 324
BERT InstaCitieslM 35.1
LDA Wikipedia 50.8
Word2Vec Webvision 41.3

ElEMERE, $2ENAHBE4FE(conv5),
EVOCO07 #EE LIIERSVM e, MhdETTEmMAP
LDARSRRZEL /9softmax loss, & IBCE loss
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ik R FHEIT— KR mAP (conv5)

MSE loss None 30.1
Softmax loss Softmax 38.5
BCE loss sigmoid 40.2
triplet loss L2-norm 41.4
contrastive loss L2-norm 42.7

InstaCities1 MEUREEE + Word2vec XX A JRrgEE
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Method convl conv2 conv3d conv4 conv5
ImageNet Supervised 193 363 442 483 505
Random 11.6 17.1 16.9 16.3 14.1
Jigsaw(2016) 182 288 340 339 271
Colorization(2016) 12.5 24.5 30.4 31.5 30.3
* SplitBrain[76](2017) 177 293 354 352 328
Rotation[13](2018) 188 31.7 387 382 365

DeepCluster®[3] (2018) 12.9 29.2 38.2 398 36.1
Ours(Ins1M+Word2Vec) 16.4 26.5 31.0 293 26.3
Ours(ImageCLEF+LDA)  18.1 295 35.1 32.0 29.2

Ours(Wikipedia+LDA) 20.0 32.1 373 38.6 334

EERSEE, EIREEEE(conv] ~5),
7EimageNetSiEeE bl S 2a8, FHMim et B s
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Classification Detection Segmentation

Method
(%mAP) (%mAP) (%mlIoU)

ImageNet Supervised 79.9 59.1 48.0
Random 533 434 19.8
Jigsaw(2016) 67.6 532 37.6
Colorization(2016) 65.9 46.9 35.6
SplitBrain(2017) 67.1 46.7 36.1
Rotation(2018) 73.0 544 39.1
DeepCluster*(2018) 74.7 554 45.1
Ours(ImageCLEF+LDA) 66.9 50.3 36.7
Ours(Wikipedia+LDA) 70.3 54.6 38.5

FEPASCAL VOC $EE LR ITTB=>IINER
(Blfgoss. Bina. 15X oEHES)
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Method Image Query Text Query Average
CCA[24](2010) 19.7 17.8 18.8
PLS[55](2006) 30.6 28.0 29.3
JFSSL*[65](2016) 42.8 39.6 41.2
CCA-3V*[18](2014) 40.5 36.5 38.5
LCFS*[66](2013) 41.9 38.5 399
Ours(InsIM+Word2Vec) 32:2 30.6 31.4
Ours(ImageCLEF+LDA) 36.8 36.2 36.5
Ours(Wikipedia+LDA) 374 39.8 38.6

fEMultimodal-Wikipedia #iEEE FIEEASIEZEMAP,
™ "B EDAERTXEINER)
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